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ABSTRACT 

 

Sentimental analysis is the method of finding sentiment such as positive, negative or 

neutral from text as well as emoticons data. With the rise of social networking there 

has been a huge amount of user generated content. Millions of people are sharing 

their thoughts daily using microblogging sites like twitter, Facebook, YouTube. We 

will be mining the sentiments or opinions from very popular and real time 

microblogging site i.e Twitter, where users present real time reactions and opinions 

about everything. Public and Private opinion about a wide variety of subjects are 

expressed. Twitter offers organizations a fast and effective way to analyze user’s 

perspective about the product or decision. This project reports on the design of 

sentimental analysis, extraction of huge amount of tweets. Results classify 

customer’s perspective via tweets into positive, negative or neutral category and 

present them in pie chart.  
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CHAPTER 1 

INTRODUCTION 

 

Nowadays internet is one of the most developing areas. People are frequently communicating, 

discussing and sharing their thoughts and opinions through internet. Due to these reasons internet 

has became essential part of human life. Internet covers wide range of information such as 

academic, public’s opinion about products, comments about social issues and many more things. 

Majority of the public likes to listen other opinions before taking any final decision. Sentimental 

analysis is one of the research areas.  

Microblogging websites are most commonly used platforms for representing views on variety of 

topics. This is due to the nature of microblogs on which people post real time opinions on products 

they are using, current issues in day to day life. Many times various organizations use these 

opinions from microblogs to get a sentiment for their product. Consumers have all the power when 

it comes to what they like and how they respond to any particular product. Social media can change 

the behavior of consumers, for example, a previous study [1] mentions that 87% of the internet 

users are influenced in their purchase and decision by other customer’s reviews. So if any 

organization gets to know what consumers like and what they don’t like they can come up with 

good products and ideas. 

In this project, we look at popular microblogging platform known as Twitter and build model 

which can classify “tweets” into positive, negative and neutral sentiment. We build a three way 

task of classifying sentiments into positive, negative and neutral classes. Advantage of using 

twitter data over any other data sets is that the tweets are collected in a streaming way and so they 

represent actual tweets in terms of language use and content. 
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CHAPTER 2 

LITERATURE SURVEY 

 

Various researchers had already done researches in sentimental analysis. Some of them are 

discussed below: 

Asliet al. [2] presented methods for normalizing the noisy tweets and differentiated them on the 

basis of polarity. Authors of this paper collected more than 2 million tweets from 2009-2010 using 

Twitter API. To generate sentimental words they have employed a mixture model approach and 

calculated F-score of each and every word than selected words having more than 10% F-score. 

They also suggested a frame work to gain a knowledge of the lexicon from collected tweets so we 

can represent words such as luv, lovwwww and llove as one word i.e love. 

Gang Li et al. [3] proposed a method known as clustering-based approach to overcome the 

drawbacks of previously defined methods. In this approach k-means clustering algorithm is used 

and tweets are clustered into positive negative clusters. The dataset used for this experiment was 

movie reviews which contains 1000 positive and 1000 negative reviews about movie.  Compared 

to existing methods this method produced the accuracy of 77.17% and is faster on the basis of 

operations. 

Lianghoet al.[4] proposed a multi domain active learning framework. This model selects text data 

from all domains such as Books, DVD, Electronics and Kitchen from amazon.com. The authors 

of this paper implemented term “frequency” for the weightage of features. In this paper authors 

presented framework in the linearly-separable manner and left the non-separable method for future 

work. 

Po-iet-al. [5] proposed a new method that extracts the sentiments of microblogs. They found that 

some tweets are positive but it is negative in case of emotions. To overcome this problem they 

combined supervised learning with opinion expressions. This system is called Opinion miner. 

They have used tweets from of different categories like movie, camera, mobiles as training set. 

This model gave an accuracy of 91%. 
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Agarwal et al. [6] approached a new way of mining sentiment from twitter i.e 3-way task of 

classifying sentiments of people into positive, negative and neutral classes. They experimented 

with unigram models, feature based model and tree kernel based model. From the results of all the 

experiments they came to a conclusion that tree kernel based method is the best method to use as 

it gave results better than other two models. 

Here are some of the methods used for sentimental analysis by above researchers: 

2.1 Opinion Mining 

Opinion mining refers to the use of natural language processing (NLP), text mining, computational 

linguistics which involves the computational study of sentiments and opinions present in text. 

Opinion mining can be used in various domains like law, research, education, politics and 

marketing. Organizations use these opinions for their product to be more liked by the consumers 

and has the functions which they dream and desire. 

2.2 Lexicon Based Approach 

 

In this method a predefined list of word is used where each word refers to the particular sentiment. 

Their meanings changes according to the context in which list is created and it involves the 

calculation of semantic orientation of texts and phrases used in the opinion. 

Steps used in Lexicon methods are: 

1. Preprocessing of tweets by removing punctuation marks. 

2. Initialize the polarity score(s) to 0. 

3. Check whether token is present or not. 

    If token is present, s becomes  +ve 

    If token is not present, s becomes  –ve 

4. Compare the polarity score of tweets from post 

If  s > threshold, tweet is classified as positive 

If  s< threshold, tweet is classified as negative 

2.3 Machine Learning Based Approach 
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1. Supervised machine learning which uses structured data or human annotations from which 

machine learns in order to make future inferences. 

 

2. Semi supervised machine learning approaches helps to interpret unstructured data without 

guidelines. 

 

3. Deep learning algorithms are advanced level algorithms which uses algorithms like SVM 

and ANN to gain higher accuracy in results. 

 

2.4Application Programming Interface 

Python Twitter API performs better than any other is terms of quality and execution time. Twitter 

API helps us in collecting tweets from twitter database in real time and automatically preprocess 

the data internally and calculates the frequency of the words than use those values for calculating 

the sentiments. 

 

CHAPTER 3  

PROPOSED SYSTEM 

 

Extracted tweets are than used for the pupose of preprocessing. In this process emoticons are 

labelled under the category of extremely positive, extremely negative, positive, negative and 

neutral. For example: “:)” is labeled as positive whereas “:=(” is labeled as negative. 

 

Emoticons Polarity 

:-) :) :o) :] :3 :c) Positive 

:D C: Extremely Positive 

:-( :( :c :[ Negative 

D8 D; D= DX  v.v Extremely negative 

:| Neutral 

 

Table 1: Emoticons dictionary 
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Sometimes people also use acronyms in their sentences and that becomes a challenge to overcome 

this problem we try to change the acronyms used to their real meanings and use them for getting 

sentiments. For example: “bff” is referred as best friends forever, “btw” is referred as by the way 

etc. Here is a table which shows some of the acronyms and their expansion. 

Acronym English expansion 

Gr8 Great 

Tbc To be continued 

Not, no never, n’t Not 

Lovv, luv, love Love 

 

Table 2: acronym and their English expansion 

After the preprocessing is done we move to the scoring part where we find the semantic score of 

the opinion carriers like the adjectives, verbs and adverbs. We assign the values ranging from -1 

to 1 to the verbs and adverbs which is considered as their strength. Some of the most frequently 

used verbs and adverbs with their strength score are given below in the table. 

Verb  Strength  Adverb  Strength  

Love 
adore like 
enjoy 
smile  
impress 

attract 

excite 

relax 

reject 

disgust 

suffer 

dislike 

detest 

suck  hate  

1  
0.9  
0.8  
0.7  
0.6  
0.5  
0.4  
0.3  
0.2  
-0.2  
-0.3  
-0.4  
-0.7  
-0.8  
-0.9  
-1  

complete  
most  
totally 
extremely 
too very  
pretty 

more 

much 

any 

quite 

little 

less 

not 

never 

hardly  

+1 
0.9  
0.8  
0.7  
0.6  
0.4  
0.3  
0.2  
0.1  

-0.2  
-0.3  
-0.4  
-0.6  
-0.8  
-0.9  

-1   

Table 3: verbs and adverbs strength 

Complete explanation of strength calculation can be found in the paper [7] where detailed study 

of the strength calculation is done. After this we perform whole tweet sentiment scoring. To 

calculate the general sentiment of the tweet, we have a tendency to average the strength of all 

opinion indicators like emoticons, verb, adverb and adjective cluster, word stress exclamation 

marks, capitalization, as shown below: 
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Where, 

 

|OI(R)| denotes the scale of the set of opinion and emoticons extracted from the tweets,  

 

Pc denotes fraction of tweet in caps, 

Ns denotes the count of continual letters, 

Nx denotes the count of exclamation marks,   

S(AGi) denotes score of the ith adjective cluster,  

S(VGi) denotes the score of the ith verb cluster,  

S(Ei) denotes the score of the ith facial expression  

Nei denotes the count of the ith facial expression. 

CHAPTER 4 

IMPLEMENTATION OR ARCHITECTURE DESIGN 

 

The proposed technique is designed for query based processing with open API on twitter. This 

API collects tweets in real time on the basis of user’s keyword. Below diagram represents system 

architecture and the work flow of the model. 
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This is a program for connecting to the twitter using twitter api tweepy and importing necessary 

libraries required for tweets extraction and data pre-processing. 
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This is the program where user is asked on which topic he wants to find the sentiments and the 

no. of tweets one wants to analyze to get the results. As you can see that I have used #lockdown 

keyword for the sentiment analysis and no of tweets which I have used to get the result is 1000. 

Here we can also see the program that is used for calculating the polarity of the tweets that are 

extracted for the twitter and after performing the pre-processing, calculated the polarity of the 

tweets. 
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Given below is the screenshot of the program that is used for plotting the results into the 

graphical representation of the pie chart. 
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     CHAPTER 5 

OUTPUT / RESULT/ SCREENSHOT 

 

We were able to successfully implement the above discussed idea and have a working model of 

Twitter Sentimental Analysis. In the developed model it extracts tweets in real time from the 

twitter and successfully classifies the sentiments into positive, negative and neutral categories. 

Sentimental analysis can be done for various categories : 

 

 

In the previous models there were issues due to the use of emoticons, acronyms and informal 

languages so we have solved both the issues in this model and due to which more accurate results 

are produced. We can improve the accuracy by using larger data sets and by targeting tweets which 

are related to the politics, products and opinions. Sentiments having value greater than zero are 

considered as positive sentiment, sentiments having values less than zero are considered as 
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negative sentiments and those which have value equal to zero are considered as null sentiment. 

The result of this analysis is displayed in the pie chart which is as follows: 
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Fig 2: Pie chart 

As shown in Fig 2, Pie chart is representing how many peoples are taking lockdown occurred due 

to coronavirus in positive way, negative way. Results are presented in different colors with 

percentage values.  
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CHAPTER 6 

CONCLUSION AND FUTURE ENHANCEMENT 

 

Thus, Opinion Mining and Sentiment analysis has wide area of applications and it also facing many research 

challenges. Since the fast growth of internet and internet related applications, the Opinion Mining and 

Sentiment Analysis become a most interesting research area among natural language processing 

community. A more innovative and effective techniques required to be invented which should overcome 

the current challenges faced by Opinion Mining and Sentiment Analysis 

Future opinion-mining systems need broader and deeper common and commonsense knowledge 

bases. This will lead to a better understanding of natural language opinions and will more 

efficiently bridge the gap between multimodal information and machine processable data. 

Blending scientific theories of emotion with the practical engineering goals of analyzing 

sentiments in natural language text will lead to more bio-inspired approaches to the design of 

intelligent opinion-mining systems capable of handling semantic knowledge, making analogies, 

learning new affective knowledge, and detecting, perceiving, and “feeling” emotions. 
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